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A few readers have criticized me for making 
this letter political, but standing up for the rights 
of MAPS and LGBT+ people has become an 
issue in the current political climate. 

To measure what is happening in the United 
States, the New York Times editorial board, with 
help from scholars who have studied the ero-
sion of democracy, compiled this list of twelve 
characteristics of authoritarians. The reality is 
that the current President is moving toward 
authorltarlaiUn all twelve. What do you think? 
• An authoritarian stifles dissent and free 

speech.  I. 
• An authoritarian persecutes political oppo-

nents. 
• An authoritarian bypasses the legislature. 
• An authoritarian uses the military for domes-

tic control. 
• An authoritarian defies the Courts. 

David S. Prescott, Therapy to Prevent-Abuse or 
Therapy as Abuse?" https:/I 
bloq.atsa.com12020/ Sexual Abuse 2020. 
Text Excerpts: "Our recent blog on conversion 
therapy prompted lively discussions in social 
media. While efforts around the world seek to 
end practices' aimed at changing people's sexu-
al orientation, therapists working with individu-
als hoping td prevent further offending often use 
methods developed to help clients manage their 
sexual thoughts and urges. As we suggested in 
our earlier blog, ills important for professionals 
to consider the aims of the methods they use. 
Unfortunately, many laypersons only hear of 
these methods outside of the context in which 
treatment occurs. Research has long shown 
that the context of treatment matters. Used in 
the wrong context, treatment methods can 
cause harm. A scalpel that saves lives in sur-
gery can become a murder weapon when used 
in a bar fight. Not all treatment contexts are 
alike. 

The simple facts are: There are many people 
in the world who feel a sexual attraction to 
children but do not want to act on that interest. 
For them, many elements of daily life are chal-
lenging, and they often experience shame and 
self-hatred resulting from attractions they didn't 
ask for and sometimes feel they cannot entirely 
control. Sone of these individuals attempt to 
live as quiey as they can, while others seek 
out services,' support groups, and other types of 
help. This has all been documented elsewhere 
and serves 'as the foundation to whit follows. 
To be clear, however, sexual interest in children 
is not something that people ask for or a choice 
they make, ' ; . 

While some degree of overlap in methods 
used in helping people manage sexual urges 

• An authoritarian declares emergencies on 
false pretenses. 

• An authoritarian vilifies marginalized groups. 

• An authoritarian controls information and the 
media. 

• An authoritarian tries to take over universi-
ties. 

• An authoritarian creates a cult of personality. 

• An authoritarian uses power for personal 
profit. 

• An authoritarian manipulates the law to stay 
in power. 

led.], Who Said This?", The Broadcast, loc. c. 
'Without such a limit on the number of terms 

a man may serve in the presidency, the time 
may come when a man of vaulting ambition 
becomes President.' Backed by a 'subservient 
Congress,' such a man 'could well name to the 
Supreme Court of the United States men of his 

may also be employed in conversion therapy, 
there are substantial differences between pro-
grams that treat people with a sexual interest in 
children and conversion therapy as the world 
has come to understand it. One major differ-
ence is that behavioral treatments are only one 
component of a broader, a more comprehen-
sive approach to helping people lead better, 
more self-determined lives. 

The vast majority of programs treating indi-
viduals who have abused others regard their 
behavioral treatments as methods to help peo-
ple manage urges or fantasies that would lead 
to further harm to themselves or others if they 
acted on them. On the other hand, conversion 
therapy seems to holdout some kind of promise 
that the client will become a different person as 
a result of this treatment, viewing being gay as 
an accident to be cured, remedied, etc. It's 
easy to write those words in a paragraph, but 
how they play out in the social context of the 
client and their alliance with the clinician can be 
quite another matter. 

For example, the client who says, 'Please 
can you help me. Even though I have some 
attraction to people my own age, I also have 
this strong desire for kids. I do not want to take 
the chance of hurting anyone. My thoughts 
about kids often interfere in my relationship with 
my girlfriend, which is already tenuous enough. 
I really want to do anything I can to manage 
these urges. Please can you help me?' In 
cases like this, where the client is asking freely 
and independently, there is the possibility that 
some of the methods may help, at least in the 
short term. Can we really compare that to the 
pain and suffering this video of this man who 
experienced conversion therapy as some kind 
of torture? And if there are things that might 
help, should we really put them off-limits? We'll 

political faith and economic thinking' who could 
'sweep aside and overthrow the safeguards of 
the Constitution' and 'overrule the settled states 
of law that have been declared and recognized 
for a hundred years.' 
- Representative John Jennings, Jr. (R), 

Tenn., speaking in favor of the 22i4  Amend-
ment in 1947. 

'You can go to live Germany or Turkey or 
Japan, but you cannot become a German, a 
Turk, or a Japanese. But anyone, from any 
corner of the earth, can come to live in America 
and become an American.' 
Does that sound perhaps like Joe Biden, 

Barack Obama, or maybe Kamela Harris? Or 
perhaps Bernie Sanders or Alexandria Ocasio-
Cortez? No, it was Ronald Reagan in his Fare-
well Address to the Nation, delivered on Janu-
ary 11, 1989." 

come back to that point. 
Reading about the contexts in which conver-

sion therapy has taken place can be horrifying. 
There are good reasons why these approaches, 
too often delivered intrusively and with preju-
dice and ignorance, are unethical in most plac-
es and illegal in many. But it's not just the 
actual methods. They are often provided by 
people whose knowledge of sexuality harkens 
back to a less enlightened era, and the profes-
sionals violate all the tenets of the therapeutic 
alliance. Further, they blithely ignore the princi-
ples of informed consent. These treatments are 
often unethical on their face in the ways that 
they run roughshod over clients' autonomy and 
beneficence (central to the codes of ethics of all 
the helping professions). 

All of this calls to mind some of the things 
that Thomas Szasz said in 1961: that therapy 
can only be ethical when the client comes to the 
therapist for help and is willing to pay out of [his 
or her] own pocket. His point (as someone who 
had fled then-communist Hungary) was that we 
should all watch out for the negative conse-
quences that can occur when the state gets 
involved in providing treatment. He might have 
added the family and societal pressures 
brought to bear on clients as well. We've writ-
ten elsewhere on how these conflicts can be 
managed. 

The techniques for helping clients manage 
their sexual behaviors are far less important 
than whether the treatment experiences: 
• Are consistent with the client's goals; goals 

that are personally meaningful and relevant, 
held strongly, and arrived at independently. 

• Take place in an environment in which the 
client feels heard, understood and respect- 
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ed. 
• Consider whether the client believes that 

the techniques of treatment are a good fit 
for him. 

• Include informed consent for treatment 
that is reviewed frequently. 

• Occur in context such that clients view 
the therapists role as that of a helping 
professional and fellow traveler. 
One colleague expressed it like this: 'I 

cant change what people want; I can only 
help them to change how they behave 
around what they want. Likewise, in de-
scribing Motivational Interviewing, Miller and 
Rolnick (2013) have said that, Treatment is 
something we do for and with clients, not to 
and on them. These two quotes embody 
the fundamental differences between legiti-
mate treatments offered to individuals who 
have abused and the more controversial 
conversion therapy that appears in the 
news and social media. 

There are still reasons to be vigilant 
about implementing any kind of treatment 
under conditions where personal liberties 
hang in the balance. How consensual is 
that treatment when the informed consent 
was signed under the duress of being im-
prisoned longer? In addition, the therapist 
believes it's important to use these meth-
ods. At the same time, the client is going 
along with the process in order to complete 
treatment even though they don't want to. 
On the other hand, millions of us have 
signed consent for medical procedures that 
we didn't want, that caused us pain and 
anguish, but that added many years to our 
lives. There are many, many nuances 
involved. 

Ultimately, professionals have an obliga-
tion to consider all aspects of treatment that 
they deliver, including the context in which 
treatment occurs.' 

Static-99R Criticisms 
More Recently - with 

Bayes Materials - 
Part 2 

Part 2: 
'Other notable differences exist in the 

international population. Germany, which 
accounts for 10.6% of the sample (n = 
936),15  does not have mandatory reporting 
laws for suspected incidents of child moles-
tation.158  Compared to countries which 
require mandatory reporting, Germany may 
have lower charge and conviction rates, 
since fewer cases are investigated. Austria, 
which accounts for 8% of the sample popu-
lation (n = 706)159 changed its age of con-
sent laws in 2002, lowering the age from 19 
to 14.160  Since the Static-99 creators relied 
on a study of recidivism in the timeframe of 
2000-2005, it is unclear whether these 
recidivism rates are accurate within Austria, 
let alone outside of Austria. New Zealand, 
accounting for 5.6% of the population ( = 
492) 161 allows a court to impose an addi-
tional sentence of up to five years for sexual 
offenders who the court believes may be  

likely to reoffend.162  While similar to civil 
commitment, the maximum length of time 
differentiates it, and the deterrent effect of 
this law remains unclear. The United King-
dom represents 4.6% of the study popula-
tion (n = 406) 163 The UK, however, does 
not permit civil commitment and recognizes 
it as a human rights violation, famously 
going so far as to refuse to extradite an 
accused United States sexual offender on 
the grounds that he could be civilly commit-
ted if returned to the United States.164  
Denmark, which hosts 3.5% of the study 
population (n = 311) 165  recently increased 
penalties for sexual offenses, and the deter-
rent effect of this law has not yet been 
studied as it relates to the applicability of 
the Static-99R.166  The combined incon-
sistency of laws and policies and lack of 
research on each of these specific popula-
tions as it relates to the accuracy of the 
Static-99R raises serious concerns about 
the applicability of the instrument to United 
States sexual offenders. 
pp.953-54: Experts routinely generalize the 
findings from these 23 sexual offender 
studies to the United States' federally incar-
cerated population despite criticism.167  The 
different countries represented in the stud-
ies all have different laws and cultural 
norms for sexual offenses.lw A paper 
authored by many of the creators of the 
Static-99R provides an example, cautioning 
that since 'not all sexual offenses are uni-
versal,'to apply 'actuarial tools to behaviors 
beyond the scope of the scale's develop-
ment can be an inappropriate extrapola-
tiOn.'169 The authors give the example'of 
statutory rape, describing that 'laws in some 
countries prohibit an 18-year-old mate from 
having sex with his willing 16-year-old girl-
friend,' but that 'this activity was not illegal 
in the countries on which Stabo-99 was 
developed (Canada and the United King-
dom). The meaning of this type of behavior 
may be sufficiently distinct from the types of 
activities captured in the development of 
Static-99"70  The authors then specifically 
state that 'applying [the Static-99] to cases 
of 'consensual teenage sex among similar 
aged peers is not recommended"71  

In Canada, which comprises 33% of the 
population studied (n = 2865), 47  the 
Solicitor General's High Risk Offend-
ers Working Group concluded that 
civil commitment processes would 'not 
meet the constraints posed by Cana-
da's Charter of Hiunan Rights and Free-
doms,' which led to the government's 
decision not to create a civil commit-
ment scheme in the country. 

p. 956: E. Understanding What. the Static-
9$R Means 
• . .The Static-99R .. 'looks at what the past 
traits of sexual offenders are to, determine 
what factors are most related to sexual ce-. 
offense. It can tell us how often something 
happens within a group of people, but not 
wIy' that thing happens with some people 
bul not others. 
p. 958: III. Leqal Considerations of Usinq 

the Static-99R 

A. Special Considerations of the Static-9913  
for Civilly Committed Persons 

The use of the Static-99R, particularly 
coupled with statements indicating that any 
decrease due to age is not meaningful, 
skews both what the instrument is designed 
to do and what information can be gleaned 
from the instrument. 

[Note: United States v. Schmidt, 295 
F.Supp.3d 586 (E.D. N.C. 2018), stating, at 
pp. 593-94, 'While respondent was first 
convicted later in life than others committing 
similar offenses, at the age of 41, he is still 
now 75 years old."] 
p. 962: C. Past Criminal History Versus  
Present Condition  

Yet courts and evaluators alike seem to 
'double count' these factors. For example, 
one evaluators report stated that the of-
fenders 'past history and high scores on the 
Static-99R . . indicate a very high probability 
that his past patterns of sexually abusing 
children will continue.'214  Thus, past history 
appears to have been a factor outside the 
Static-99R; yet the Stat6%A, as explained 
in Part II, is comprised entirely of the known 
past hisfoiy. 15  The :otIrt then explained 
that' it acknowledged' actuarial instru- 
meñts but placed 'greater weight' f factors 
outside the actuarial scheme,' including 
relapse (meaning the conimission of anoth-
er sex crime).216  In doing so, the court 
demonstrated its misunderstanding of what 
is actually included in the actuarial scheme 
since relapse is incorporated. 217 

Notes: 
136 ROC Curves and Area Under the 

Curve Explained, Data Sch. (Nov. 1*, 
2014), https://www.dataschool.io!roc-curves 
-and-auc-explained/. 
137 Id. 
144 R. Karl Hanson et al, 'What Sexual 

Recidivism Rates Are Associated with Static 
-99R and Static-2002R Scores?," 28 Sexual 
Abuse 218, 223 (2016). 

145 Id. The data provided in this study 
indicates that there was no variable ac-
counting for differences in law in different 
countries. 
146 Id. at 223-24. 
147 Id. at223. 
148 Michael Petrunik et al., American 

and Canadian Approaches to Sex Offend-
ers: A Study of the Politics of Dangerous-
ness, 21 Fed. Sent'g Rep. 111, 117 (2008). 

149 Robin J. Wilson et al., 'Comparing 
Sexual Offenders at the Regional Treatment 
Centre (Ontario) and the Florida Civil Com-
mitment Center,' 57 Int'l J. Offender Thera-
py & Comp. Criminology 377, 378 (2012). 
150 Id. 
151 Id. at 388. 
153 Ministry of Fbreign Affairs, Facts 

about Migration, Integration and Crime in 
Sweden, Gov't Offs. Swed. (Mar. 15; .2019), 
https://www.go'ernme-nt.se1 
articles/2017/02/facts-about-migration- and-
crimé-lnsweden. 

154 'Id. 
155 Id. 
156 'Crime in Sweden - The Difficulties 

in Making International Comparisons Br 
'(emphasis' omitted), https:/Ibra.se/bra-in-
english/home/crime-and-statistics/  

international-comparisons.html. 
157 Hanson et al., 'Recidivism Rates. 

supra note 144, at 223. 
158 Henning Wi3mann, et al. "Physical 

or Psychological Child Abuse and Neglect: 
Experiences, Reporting Behavior and Posi-
'tions Toward Mandatory Reporting of Pedi-
atricians in Berlin, Germany,' 98 Child 
Abuse & Neglect 104165, 104165 (2019); 
Andreas Witt et al., 'Trends in Child Mal-
treatment in Germany: Comparison of Two 
Representative Population-Based Studies," 
12 Child & Adolescent Psychiatry & Mental 
Health 24, 24(2018). 
159 Hanson et al., Recidivism Rates, 

supra note 144, at 223. 
160 L and V. v. Austria, 2003-I Eur Ct. 

H.R.29 (evaluating the age of consent and 
whether equal rights were violated if the age 
of consent is different for heterosexual 
adolescents and homosexual adolescents). 
161 Hanson et al., Recidivism Rates, 

supra note 144, at 223. 
162 Kristina White, "Registering Public 

Fear: An Analysis of the New Zealand Child 
Sex Offender Government Agency Regis-
ter," 8 Victoria U. Wellington Legal Res. 
Papers 1, 19(2017). 
163 Hanson et al., Recidivism Rates, 

supra note 144, at 223. 
164 David Post, Opinion, "U.K. Court 

Declares that California Civil Confinement 
Law Constitutes a 'Flagrant Abuse' of Hu-
man Rights,' Wash. Post (Oct. 26, 2015), 
https://www.washingtonpost.com/news/  
volokh-conspiracy/wp/201 65/10/26/u-k-
court-declares-that-california-civil-
confinement-law-constitutes-a-flagrant-
abuse-of-human-rights. 
165 Id. 
166 Wendy Zelden, 'Denmark: Higher 

Penalties for Rape and Other Violent 
Crimes Contemplated,' Libr. Congress: 
Global Legal Monitor (Aug. 19, 2015), 
https://www.loc.gov/Iaw/foreignnews/:  
article/denmark-higher-nalties-for-rape-
and-other-violent-crimes-contemplated 
[https:/Iperma.ccN6K7-ZRZU]. 
167 Sex Offender Risk Assessment, 

ATSA (Aug. 30, 2012). 
168 Leslie Helmus et al., 'International 

Comparisons of the Validity of Actuarial 
Risk Tools for Sexual Offenders, with a 
Focus on Static-99," in International Per-
spectives on the Assessment and Treat-
ment of Sexual Offenders: Theory, Practice, 
and Research, 55 (Douglas P. Boer et al. 
eds., 2011), at 59. 
169 Id. 
170 Id. at 59-60. 
171 Id. 
214 United States .: Bolander, 722 F.3d 

199, 212-13 (4th Cir. 2013) 
215 Supra, Part II. 
216 Bolander, 727 F.3d 215. 
217 Amy Phenix et al., Static-99R Cod-

ing Rules (2016), at 94. 
226 United States v. tinge, 2012 U.S. 

Dist. LEXIS 1549498, *35  (ED. N.C. Nov. 
7,2012) (quoting United States v. Wooden, 
693 F.3d 4401 461 (4th Cir, 2012). 

227 'United States v. Shields, 649 F.3d 
'789 (1st Cir. 2011). 
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Chance Guessin. at Predictinq SOCC-
Releasee Recidivism?  
Allen Azizian, Mark Olver, James Rokop, 
Deirdre M. 0razio, "A Preliminary Analysis 
of Sexual Recidivism and Predictive Validity 
of the Static-99R in Men Discharged from 
State Hospitals Pursuant to California's 
Sexually Violent Predator Act," PubMed, 
https:/ljou rnals .sag epu b.com/doil  
abs/10.1177/10790632211019726? 
journalCode-saxb (June 21, 2021) 
Abstract Excerpts:  

"We examined the recidivism rates and the 
predictive validity of the Static-99R in 335 
men who were detained or civilly committed 
and released from California State Hospitals 
pursuant to the Sexually Violent Predator 
(SVP) Act, and followed up for approximate-
ly 21 years from the date of hospital admis-
sion....The Static-99R demonstrated small 
in magnitude discrimination for sexual, 
violent, and general recidivism (area under 
the curve = .56 to .63. [Editor's 
note: AUC equal to .50 equals pure-chance 
guessing; see second excerpt from last 
preceding article.] Calibration analyses, 
conducted through expected/observed (E/ 
0) index, demonstrated that the Static-99R 
overpredicted sexual recidivism, irrespec-
tive of whether the Routine or High Risk/ 
Need norms were used. Observed recidi-
vism rates were lower than predicted by 
Static-99R scores and may be the result of 
the sample's older age at release, lengthy 
hospitalization, or other factors." 

Presentation by Maker of Static-99R De-
bunks Myths of High SO Recidivism. 

[Eds.], "Webinar - Sex Offense Recidivism 
Risk: Not What You Think It Is,' CURE-
SORT News, Vol. 31, Issue 3, pp.2-3 (3rd 
Quarter 2022) 

"One Standard of Justice (OSJ) is a NAR-
SOL Affiliate in Qpnecticut who hosted a 
presentation in May 2021 by Dr. Karl Han-
son, the inventor of the Static-99R, a tool 
you probably see referenced in ALL . . . adult 
male psychosexual evaluations. [This 
presentation] is in plain language to make it 
easier to understand. 

You might even want to cite it or play it for 
your judges - it definitely takes away some 
of the fear associated with reports of 
'average' or 'above-average' sexual recidi-
vism risk, especially if the behavior was 
long ago, and shows how extremely low 
'lower' risk people are. 

There's even a part where he explains 
how the hiqhest risk cateqory that is used to 
describe qeneral criminal recidivism does  
not even exist in the population who has  
committed a sexual offense because no-
body sexually reoffends as often as other 
criminal populatioris reoffend.  

.The 78-minute video can be accessed 
here: https://onendardofjustice.org/sex-
offense-recidivism-sk-not-what-you-ttiinkf  

The Science & the Junk  What Bayes, 
Monahan, Chaos, Uncertainty, etc. Tel Us 
about the Outraqe of Usinq the 'Wizardry' of 
So-Called Recidivism Probability Prediction 
to Keep People Whose Prison Terms Have 
Expired Locked Up Forever. - Part 1.  - 
NOTE: In all, this is a 7-part series, appear- 

ing in ILP, Volume 8, Issues 1-7 ALL on this 
topic of Static-99R error, largely for failure 
to adjust for Bayes Theorem impact. 
Robert A. Prentky, Howard E. Barbaree, & 

Eric S. Janus, eds., Sexual Predators: 
Society, Risk, and the Law (New York: 
Routledge, 2015) First Installment). 
Text Excerpts: Ch. 6: "Using Actuarial Risk 
Assessment Instruments to Estimate Abso-
lute Risk", by Robert A. Prentky. Ph.D. & 
Richard W. Wollert, Ph.D. 
p. 119: "Bayesian Inference and Bayes' 
Theorem 

.A recent feature article on the front page 
of the New York Times ("The Odds, Contin-
ually Updated," Sept. 29, 2014) described 
the vast array of problems to which Bayesi-
an inference has been applied. The simple 
logic underlying Bayesian inference is that 
the likelihood of an event is a function of (a) 
the likelihood of the occurrence and nonoc-
currence of certain conditional events (risk 
factors) and (b) the likelihood of occurrence 
and nonoccurrence of the event itself (i.e., a 
re-offense).  

pp. 123-24: . . .(A]s pointed out by Mossman 
and reiterated by Donaldson and Wollert 
(2008, p.  213), 

'These likelihood ratios ["LR"s] are the 
slope coefficients for a risk instrument's 
receiver operating chacactehstic, curve, 
which may be derived,by ploffimb the value 
of the true and false psitive rates [i"PRs' 
and "FPRs", respectively] for each-  cutting 
score on the y and x axes respectively, of a 
two-dimensional graph where the vectors 

:range ftom 0% to l00%' 
These.LRs acrosthd scom groups repre- 
ent the discriminative' ability of the actuarial 

Ifistrumen! (Mossri)an, 2006). It all LRs 
'were equal, if.all of the slopes were the 
same, theh there would be no discriminato-
ry power to the test at all. Put another way, 
if all of the slopes were equal, the receiver 
operating qharacteristic ("ROC") curve 
would be equivalent to the straight line 
along thp diagonal and the area under the 
'curve ("AUC") would be 0.50, indicating a 
chance prediction. The larger the difference 
between the lowest L1 and The highest LR, 
the greater the discrimination. In respect of 
the ROC curve, a low value for the lowest 
LR .(the flat slope at the. upper right hand 
corner of the curve [in Figure 6.1, right])' and 
a high value for the highest LR (the steep 
slope at the lower left aspect of the curve) 
would occur when the ROC curve goes 
substantially into the upper-left corner of the 
two-dimensional space, as happens with 
higher AUCs. Remember, the gold stand-
lard for actuarial assessment is where the 
1Instrument achieves a high true positive rate 
(approaching 1.00) and a lowfa)se positive 
rate (approaching 0.00). In the ROC curve, 
the gold standard is located in the upper-left 
corner of the two-dimensional ' space. The 
more the ROC curve extends into that 
upper-left corner, the better. 
p. 125' ...[F]igure [6.1, right] ..presents the 
LRs (0.0, .45, .81. an 4.6) i -it •cah be 
seen that the LRs represent the slopes of 
the ROC curves in the relevant segments of 
the curve. 
Now, what does all this have to do with 

recidivism rates in each score group? The  

30 
25 
20 

2 15 
10 

co S 

Samples prese 

answer is that recidivism (expressed as an 
odds ratio) is the product of the LR for that 
score group multiplied by the base, rate 
(expressed as an odds ratio)  

.As the base rate" increases, so will the 
recidivism rates associated with each actu-
arial score. This is not a hypothesis or 
theory; it is a mathematical reality based on 
Bayes' Theorem (Donaldson & Wollert, 
2008; Mossman, 2006). 
pp. 125-26: Estimating Absolute Recidivism 
Rates: Bayes Correction 

:[FJ. score-wi absokAe çecidivism rates 
to be stable across samples, either the 
Bayesian coordinates (LRs and base rates: 
Donaldson & Wollert, 2008) have to be 
stable from sample to sample, or the Bayes-
ian coordinates have to change in comple-
mentary ways from sample to sample to 
produce stable recidivism rates. Although 
this latter circumstance seems unlikely, both 
of these possibilities are subject to empirical 
evaluation. 
pp. 126-127. ... While Static-99R and 
2002R both demonstrated remarkably 
consistent relative predictive accuracy 
across studies (consistent with the AUCs 
we report in Chapter 5, Tables 5.5 and 5.6), 
both scales demonstrated large and signifi-
cant variability in absolute recidivism rates 
acróss'studies, both in terms of base rates 
and in terms of rates attached to each 
actuarial score value (score-wise recidivism 
rates). Over the 23 samples, five-year 

ttow-up base rates varied from a minimum  

1; 1 

in rank order 

of 0% to almost 30%, with a mean base 
rate of 11.5% (SD = 7,8). Figure 6.2 
[above] depicts these 23 base rates in rank 
order from lowest to highest to illustrate the 
nature of the distribution of base rates. The 
black line depicts the statistical mean 
(average) of the distribution. Examination 
of the distribution tells us that the mean 
does not represent very many of the base 
rate values. In other words, the base rates 
are not clustered around the mean with a 
small number of outliers. Instead, the 
density of the base rates is roughly equal 
across the range of values. 
References: 
Donaldson, T. & Wollert, R. (2008). A 

mathematical proof and example that 
Bayes's Theorem is fundamental to actuari-
al estimates of sexual recidivism risk. Sexu-
al Abuse, 20, 206-217. 
Mossman, D. (2006). Another look at 

interpreting risk categories. Sexual Abuse: 
A Journal of Research and Treatment, 18, 
41-63. 

Onaoinq Series: 
Can Risk Assessmt & Actuarial Prediction  

Be Reconciled with Bayes, Monahan, 
Chaos, Uncertainty, & Other Limits?  

Robert A. Prentky, Howard E. Barbaree, & 
Eric S. Janus, eds., Sexual Predators: 
Society, Risk, and the Law (New York: 
Routledge, 2015) 
Text Excerpts: 

(Continued on page 4) 
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p. 127: "Besides the five-year rates, 
Helmus et al. (2012) also provided ten-year 
base rates for 15 samples, and these base 
rates varied widely as well. Our new under-
standing of Bayes' Theorem and its rele-
vance to actuarial assessment helps us to 
understand that, with varying base rates 
across samples, the absolute rates at-
tached to each score value must vary as 
well. 

Harris and Rice reported the results of 
numerous attempts at using Bayes correc-
tion and concluded that such estimates are 
reasonably good in some circumstances but 
that the estimates do not approximate the 
empirical findings in many circumstances. 

In fact, the Bayesian correction does not 
work because neither of the Bayesian coor-
dinates (base rate or LRs) is stable across 
diverse samples (Mossman, personal com-
munication). 
Ch. 8: "Risk Judgments Under Conditions of 
Uncertainty: Heuristics and Biases" 
pp. 173-74: "Steve Hart (2009) posed the 
didactic through [an] arguably provocative 
question: 

'If it is impossible, even with the assis-
tance of astounding measurement instru-
ments and supercomputers, to predict with 
a high degree of precision which teapots 
will drip, when Microsoft stocks will rise or 
fall, when it will next rain in Lisboa, or when 
the toss of a 100-escudos coin will turn up 
the figure of Pedro Nunes, how can we 
think it is possible to make precise quantita-
tive predictions regarding whether a person 
will commit an act of violence? Yet, on my 
home continent at this time it is fashionable 
for forensic psychologists, both clinical and 
academic, to conceptualize the clinical task 
of risk assessment as the prediction of 
violence. 

Hart's (2009) warning, 'Some of us who 
work with adults, in our scientific zeal, have 
allowed ourselves to be used as a justifica-
tion for draconian political decisions and 
social policies.' (pp.  66-67). 
pp. 174-75: Monahan's 1981 Book 

The import of Monahan's 1981 book is 
simply that it is, to the best of our 
knowledge, the first - and remains one of 
the very few - discussions of sources of 
bias among those retained to evaluate,  
criminals. Monahan (1981) pointed to five 
primary factors that contribute to overpre-
diction of violent behavior: (1) political influ-
ences, (2) illusory correlations, (3) cultural 
differences, (4) conceptual and contextual 
problems, and (5)10w base rates. Several 
of these - illusory correlations and base 
rates - we address separately in this chap-
ter. 
Political Influences we allude to on various 

occasions. Political Influences refers to the 
potential consequences for the examiner if 
the individual reoffends. If the examiner 
was insightful enough - or lucky enough - 
to have judged the individual at high risk of 
reoffending, there will be no consequences. 
Ever. We are not aware of any instance in 
which an examiner has suffered social, 
political, or legal (law Suit) repercussions 
from finding that a defendant is high risk. If 
the examiner found the individual'was nOt at 
high risk and the individual is released and 

reoffends, the consequences may include 
negative media coverage, embarrassment, 
and, in rare instances, even lawsuits. These 
adverse repercussions seem disproportion-
ately to occur when the individuals are sex 
offenders, and the 'degree of adversity' of 
the fallout is invariably a function of the 
severity of the re-offense. For a sex offend-
er to reoffend by taking the life of the victim 
is all the more intolerable when the profes-
sional has judged the offender not to be 
'high' risk. To avoid the possible adverse 
repercussions of making a mistake, judg-
ments are frequently biased in the 
'conservative' direction (defined here as a 
reluctance to find someone not dangerous 
or low risk). Saleem Shah (1975, 1978) 
observed long ago that because of social 
and political pressure, the recommended 
decision rule is 'better safe than sorry.' 
Erring on the conservative tends to increase 
the potential false positive error region and 
decrease the potential false negative error 
region, or, as Monahan said, lead to over-
prediction. When nonregressive predictions 
are made under conditions of uncertainty, 
the customary response is to predict con-
servatively. Stated otherwise, by avoiding a 
possible 'bad' outcome, we tip the judgment 
scale toward a false positive error. 

Phillips and Edwards (1966) defined con-
servatism somewhat differently - a reluc-
tance or 'slowness' to revise a prior proba-
bility estimate when presented with new 
data, or as PIous (1993) stated • it, 
'Conservatism is the tendency to change 
previous probability estimates more slowly 
than warranted by new data.' (p.  138). 
pp. 176-77: Conceptual and Contextual 
Problems refers to the training and indoctri-
nation of most mental health professionals, 
principally psychologists and psychiatrists, 
who render judgments about risk of offense-
related behavior. Mental health profession-
als are all trained to examine and diagnose 
psychopathology. Consequently, risk of 
engaging in violence is conceptualized as a 
trait and described in terms of clinical signs 
and symptoms. ...Thirty years after Mo-
nahan (1981) described Conceptual and 
Contextual Problems as a biasing concern, 
we have moved to an increasingly complex 
relationship between risk'and diagnosis and 
civil law that commits those deemed at high 
risk. As we have discussed in Chapter 1, 
the statutory role of diagnosis (the 2nd 
prong) is essential for constitutional authori-
ty but in practice by experts is subordinated 
in importance to the 3rd prong (risk). The 
full breadth and scope of psychiatric nosolo-
gy (DSM-V) has been functionally shrunken 
to the exclusion of all but a handful of diag-
noses, principally a few paraphilias. Para-
doxically, although medical certification via 
the DSM-V provides the imprimatur the 
court seeks, the rigorous application of the 
DSM-V is nil. 

From the vantage of a mathematical soci-
ologist, Freudenburg (1988) argued that 
scientists were just as subject to human 
error as the general public when it comes to 
estimating risk." 
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Editor's Note: This set of excerpts will 

continue in Part 3, appearing in the next 
edition oft/ia Legal Pad. 

MSOP's Matrix Factor 
Scoring Manual Now 

Kept Secret frám MSOP 
Clients. 

Minnesota Department of Human Services, 
Minnesota Sex Offender Program (MSOP), 
Matrix Factor ScorinQ Manual (revised 
March 2020). 

Editors Introduction: An MSOP, Moose 
Lake facility confinee made a statutory data 
request in December 2025 for the current 
edition of the MSOP Matrix Factor Scprinq 

Aproxtmately three months later, 
the Records Produption Specialist delegat-
ed the duty of providing requested data, 
including documents such as the manual 
explaining the scoring process for how 
MSOP clients undergoing treatment per-
formed at treatment governed by the 
"Matrix" factors used by MSOP, delivered a 
copy of that Matrix Factor Scoring Manual 
to the requesting confinee. The Matrix 
system of treatment of sex to the best of 
this editor's knowledge is not in use in any 
other sex offender treatment program. 
Because it was designed within MSOP, 
detailed infprmation about it such as the 
proper method of such performance scoring 
is not available from any other source. The 
copy produced, however, was almost totally 
redécted (obliterated), leaving no specific 
information present about the specifics of 
client performance scoring under the Matrix 
treatment system. The best way to depict 
the almost complete denil of any infor- 

mation about this topic is simply to repro-
duce below the whole Factor Scoring Manu-
al as provided: 

"Overview and Scoring Instructions 
MSOP Matrix Factors guide the treatment 

and change process of clients. Each factor 
corresponds with best practices in sex 
offender treatment and/or specific crimino-
genic needs grounded in sex offender 
research. Quarterly andAnnual Reviews 
offer opportunities to review and determine 
client progress on each of these matrix 

'factors. 
Users should carefully read this manual 

before considering client progress on matrix 
factors. The scoring process should include 
input from the individual being reviewed as 
well as feedback from peers, providers of 
rehabilitative programming (education, 
therapeutic recreation, vocational), health 
services and from operations staff. 
Review the scoring criteria carefully. 

Scores should reflect the individual's level 
of functioning for the period of time speci-
fied for each individual item. 

Scoring criteria are based on the following 
scale: 
Deficient Non-public Data per 13,37  
Needs Attention Non-public Data per 13.37  
Satisfactory Non-public Data per 13.37 
Enhanced Non-public Data per 13.37 
Proficient Non-public Data per 13.37  

Group Behavior 
The matrix factor "Group Behavior" 

public Data per 13.37  

Deficient 

• [approx. 20 characters illegibly tiny]. 

Needs Attention  
• t• •x. 20 characters ill'.'.. tin]. 

I 

Enhanced 
I [approx. 20 characters illegibly tiny). 

I 
Proficient 
I (approx. 20 characters illegibly tiny). 

Rating - Evaluate the individual's function-
ing during the reporting period: 

Attitude to Change 
The matrix factor "Attitude to Change" Non- 
public Data per 13.37 
Rating - Evaluate the individual's function- 
ing during the reporting prjod: 
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Deficient 
I [a rox 20 characters if ' sib on 

Deficient 
I [approx. 20 characters illegibly on 

Needs Attention 
• (approx 20 characters illegibly tiny) 

Satisfactory 
• [approx. 20 characters 4egIy&iy]. 

I 

Enhanced 
• [a..rox.20 characters i 

I 

Proficient 
• [approx 20 characters it 

I 

Satisfactory 

• [approx 20 characters illegibly 
tiny] 

I 

nhanced 

• (approx 20 characters illegibly 
tiny] 

Thinking Errors 
The matrix factor "Thinking Errors" Non- 

public Data per 13.37 
Rating - Evaluate the individuals function- 

ing during the reporting period: 

2Ocharacer 

Emotional Regulation 
The matrix factor "Emotional Regulation" 

Non-public Data per 13.37  
Rating - Evaluate the individuals function-

ing during the reporting period: 

i5ekim -# 

I 

I 
Proficient 

• (approx 20 characters illegibly 
tiny] 

bow  
Self-Monitoring 

The matrix factor'Self-Monitohng" Non- 
public Data per 13.37  

$atistacsry 
l4t*ox  20 aac3érsegtJtri1 

U 

Enhanced 
I jqpprox 20ctwace 

I 

• 

Pro-social Problem Solving 
The matrix factor "Pro-social Problem Solv- 
'ing" Non-public Data per 13.37  
Rating - Evaluate the individuals function- 
ing during the reporting period: 

Interpersonal Skills 
The matrix factor "Interpersonal Skills" 

Non-public Data per 13,37  
Rating - Evaluate the individual's function-

ing dung the reporting period: 

Needs Attention 
• [approx 20 characters illegibly tin 

Satisfactory 
• [approx 20 characters illegibly tiny] 

U 

Enhanced 
• [approx 20 characters ilegibtytinyJ 

I 

Proficient 
• [approx. 20 characters illegibly tiny] 

I 

Cooperation with Rules and Supervision 
The matrix factor "Cooperation with Rules 
and Supervision"Non-public Data per 
13.37 

Rating - Evaluate the individual's function-
ing during the reporting period: 

Sexuality 
The matrix factor "Sexuality" Non-public 

Data per 13.37  
Rating - Evaluate the individual's function-

ing during the reporting period: 

5 

Deficient 

• [approx 20 characters illegibly 
tiny]  

Needs Attention Altention 

• [approx 20 characters illegibly 
tiny] 

Rating - Evaluate the individuals function-
ing during the reporting period: 

Er 

• fapproi 20 characters  w4bly "I 

U 



Deficient 
• [approx 20 characters itegibty tin 

Needs Mention 
I [approx. 20 characters illegibly tin 

Satisfactory 
• [approx 20 characters iflegibhj tiny]. 

I 

ibty tin 

I 

Life Enrichment 
The matrix factor Life Enrichment' Non- 
public Data per 13.37  

Rating - Evaluate the individual's function- 
ing during the reporting period: 

Deficient 
• [approx, 20 characters illegibty tinyl, 

I 
I 

Needs Attention 
I [approx. 20 characters illegibty tin  

I 
Your worst fear is a myth. 

ibty tin 

Satisfactory 
• approx 20 characters illegibly tiny). 

I 

Satisfactory 
I [approx 20 characters illegibly tiny] 

I 

Enhanced 
• [approx 20 characters illegibly tiny) 

I 

Proficient 
• [approx 20 characters illegibly tiny) 

Summary: 
Clinician's Guide Length: 21 pages 
Total Redaction Length: 12.2 pages 
Sections Impacted: ALL 

Richard Weinberger, M.S.E., L.P, White 
Paper: Residency Restrictions for Sexual  
Offenders in Minnesota: False Perceptions  
for Community Safety  Association for the 
Treatment of Sexual Abusers, Minnesota 
Chapter (Feb. 2019). 
Summary: Residency or zone restrictions 
for individuals with sexual offenses have 
become increasingly popular in recent 
years, but such restribtions tend to be root-
ed in fear and anger, rather than informed 
public pdlicy. 'There is no research to 

'support residence restrictions as effective in 
reducing sexual recidivism." The Minneso-
ta Department of Corrections concluded in 
one study that, 'during the past 16 years, 
not one sex offender released from a MCF 
(Minnesota Correctional Facility) has been 
re-Incarcerated for a sex offense in which 
he made contact with a juvenile .victim near 
a school, park, or daycare center close to 
his home.'2 Because people typically 
choose to live close to family, friends, or 
employment, and establishing social stabil-
ity for offenders reduces recidivism, resi-
dency restrictions may be counterproduc-
tive.' 'Research on residency restrictions 
demonstrate[sj no deterrent effect.7  
Text Excerpts: [page 1:] "Sex offender 
residency restriction ordinances ...'impose  
artificial distances that individuals convicted 
of sex crimes or who are on a predatory 
offender registry must live from a designat-
ed location. Nationwide, designated loca-
tions include parks, daycares, playgrounds, 
schools, recreation centers, bus stops or 
school bus stops, and anyplace where 
minors congregate; distances range from 
500 to 2500 feet. Sometimes, . . . [these 
laws] are broad-sweeping and affect any-
one convicted of a sex crime. The rationale 
for residency restriction laws is to prevent or 
lessen the chance of a previously convicted 
offender from reoffending by increasing 
distance between the offender and a possi-
ble victim. 

Unfortunately, sometimes what first 
appears to be a rational safeguard is not 
only ineffective, but might actually,.serve to 
defeat the objective it is intended to 

MNATSA Says 
Residency Restriction on 

SOs Only Offer False 
Perceptions of 

Community Safety. 

Page(s) Page Length Topical Sections Impacted Text Lites 
of Redaction Remain nq 

3-5 2.1 Introduction 3 
5-9 3.0 Matrix Factors, Program Design, Treatment Phases 50 
9-12 1.8 Groups, 1:1 Meetings 25 
13-15 1.9 Treatment Planning and Documentation, Treatment 

Progress Reports 
52 

16-18 2.0 Treatment Pro-gressions, Phase Progression 34 
19-21 (end) 1.5 Staff Support & Communication, Treatment Tools 54 

Healthy Lifestyle 
The matrix factor Healthy Lifestyle' Non- 
public Data per 13.37  

Rating - Evaluate the individual's function- 
ing during the reporting period: More Than Half of 

MSOP's Clinician's 
Guide Also Kept Secret 

from MSOP Clients 

Minnesota Department of Human Services, 
Minnesota Sex Offender Program (MSOP), 
Clinician's Guide (revised March 2020), 
Editor's Introduction: In the same inquiry as 
for the Matrix Scoring Manual (discussed 
immediately above), the same Moose Lake 
facility confinee made a related statutory 
data request in December 2025 for the 
current edition of the MSOP Clinician's 
Guide. A copy of the 2020 revision of that 
guide was delivered to that confinee ap-
proximately three months later. Upon initial 
inspection it was clear that approximately 
10.5 pages of text were redacted from the 
20-page total text space of that Clinician's 
Guide. It is currently unknown whether the 
information redacted from this document is 
available from any other source. However, 
even if so, since it is set forth in the redact-
ed text in the Clinician's Guide where its 
inclusion would have maximally clear expla-
nation, • simply 'burying' that information in 
other document[s] without any explanatory 
referral in the Clinician's Guide effectively 
deprives MSOP confinees of all knowledge 
of the missing information. Whether this 
massive redaction of content was done 
deliberately is up to all readers to decide for 
themselves. All that can be done here is to 
enable reasonable inferences about such 
ulterior intent to be made by identifying such 
redacted gaps in text and illustrating their 
position in the guide. Here's the list of 
redactions: 

'achieve. 
[p. 2] From the 1990's through the pre-

sent, individuals who have committed sex 
crime have been the subject of countless 
psychological, sociological, criminal justice 
and government agency studies. Conse-
quently, there is a large body of research on 
these individuals that demonstrates that a 
number of commonly held beliefs (myths) 
regarding recidivism are not true. The fact 
is, current research indicates that: 

A) Sex offenders, as a group, reoffend 
much less than other criminal offnders.4  

B) 95% of sex offenses are committed 
by first-time offenders.5  fl 

C) 93% of sex crimes are committed by 
offenders known to the victim, in a place 
familiar to the victim.6  

In 2015, the Minnesota Sentencing 
Guidelines Commission published a report 
stating that the number of individuals con-
victed of sexual crime in 2014 who had 'true 
prior CSC' [Criminal Sexual Conduct] of-
fenses was 5%. This means that in 2014, 
95% of all sex crimes were committed by 
first-time offenders.7  The report also indi-
cated that . . of the 491 adjudicated cases in 
2014, 70 offenses were against strangers 
and were placed in the category of 
'Provision Force/Other.' Of these 70 offens-
es, releases represent 1.6% of the 491 
people released in 2014. These results 
contradict the need and efficacy of . . .the 
[residency ban] ordinances in the 
communities [which enacted such ordinanc-
es]. 

[p. 3:] In April 200 the Minnesota 
Department of Corrections released a study 
entitled: Residential Proximity & Sex Of-
fense Recidivism.8  The study examined 
'the potential deterrent effect of residency 
restrictions by analyzing the sexual re-
offense patterns of the 224 recidivists re-
leased between 1990 and 2002 who were 
re-incarcerated for a sex crime prior to 
2006' (p/i). The 224 recidivists represent-
ed 7% of the 3,166 offenders who were 
actually released during this period. This 
means that 93% did not commit any new 
sexual crimes. The study concluded: 

'Of the few offenders who directly con- 
tacted a juvenile victim within close prox-
imity of their residence, none did so near a 
school, park, playground or other location 
where children are normally present. 
Thus not one of the 224 offenses would 
likely have been affected by residency 
restrictions' (p.  24). 

Moreover, of the 70iwho reoffended. 
79% victimized someone they knew. Con-
sequently, the study also stated, 

'The results clearly indicated that what 
matters with respect to sexual recidivism is 
'not residential proximity, but rather social or 

(Continued on page 7) 

Proficient 

I I [approx 20 characters itegibty tiny] 

I 
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relationship proximity ... more than half 
(N113) of the 224 cases were collateral 
contact offenses in that they involved of-
fenders who gained access to their victims 
through another person, typically an adult. 
For example, one of the most common 
victim-offender relationships found in this 
study was that of a male offender develop-
ing a romantic rtionship with a woman 
who has children. 

Similarly, Zandbergen, Levenson, and 
Hart (2010) examined a sample of 330 sex 
offenders in Florida. They compared recidi-
vists and non-recidivists who lived close to 
schools or daycare centers. They found 
that those who lived within 1000, 1,500, or 
2,500 feet of schools or daycare centers did 
not reoffend more frequently than those 
who lived farther away. 

On June 21, 2013, the Kansas Depart-
ment of Corrections published a report 
entitled: Sex Offender Housinq Re-
strictions.10  The report lists 20 findings of 
research from reviewing implementation of 
housing restrictions for sex offenders in 
multiple states. Briefly, findings include: 1) 
research demonstrates that there is no 
correlation between residency restrictions 
and sex offenses against children; 2) resi-
dency restrictions have a damaging effect 
on the offender ristry; 3) the lack of pro-
tective efficacy does not justify the cost of 
enforcement, and 4) the number of offend-
ers unaccounted for doubled after the law 
went into effect. 

[pp. 34] Current research indicates that 
communities in Minnesota and throughout 
the country are spending money and divert-
ing human resources to create and enforce 
laws that are not only ineffective, but may 
result in serious unintended negative conse-
quences. To enhance the safety of our 
children and all community members, evi-
dence-based and effective laws need to be 
promulgated. For this to occur, 'a research-
based understanding of individuals who 
commit sex crimes must be accepted. In 
part, this means accepting that sex offend-
ers are a heterogeneous population and 
that many of them do not pose a grave risk 
to the public.'11  

Between 2011 and 2015, residency 
restrictions were struck down by courts in 
Pennsylvania, New York, Massachusetts 
and California. 12 

Conclusion 
ATSA does not support the use of resi-

dence restriction laws as a sex offender 
management strategy.' There is no re-
search to support the effectiveness of resi-
dence restrictions in reducing sexual of-
fense recidivism, and these types of policies 
often have the unintended consequences 
that may compromise rather than promote 
public safety. 
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Brian R. Abbott, "illuminating the Dark 
Figure of S4ual Recidiyim., 38(6) Behav-
ioral Sciences & the Law 43-558 (Dec. 
2020), available at: wileyonlinelibrary.com/ 
iournal/bsl. 
Abstract: 

'Detected or reported ('observed') rates of 
sexual reoffending have long been recog-
nized as underestimating the occurrence of 
actual sexual recidivism. Past attempts to 
bridge the gap between the two rates have 
been unsuccessful. Scurich and John try to 
reverse this course by presenting a simula-
tion model to estimate the predicted actual 
sexual recidivism rates among individuals 
convicted of sexual offenses based on three 
parameters; they lso apply these data to 
calibrate the,, sexual recidivism rates from 
four sexual reidivi$r1 studies. The accura-
cy of the predicted actual sexual recidivism 
rates is wholly dependent upon the reliabil-
ity of the inputs to the model. This analysis 
relies upon scientific studies and literature 
to delve into the precision of the parameters 
of Scurich and John in relation to the accu-
racy of their predicted actual sexual recidi-
vism rates and the validity of the calibration 
process. The results reveal that some of 
the assumptions by Scurich and John about 
the parameters are supported empirically, 
while others are not. Overall, the simulation 
model parameters suffer from significant 
deficiencies that likely produce inaccurate 
predicted actual sexual recidivism rates. 
Moreover, the methodologies of the com-
parison studies used in the calibration pro-
cess do not actually meet the requirements 
of the analytic strategy of Scurich and John, 
which effectively invalidates their findings. 
Until computational strategies are employed 
that account for linear and nonlinear effects 
of model parameters, closing the gap be-
tween observed and actual sexual recidi-
vism rates will remain elusive.' 
Text Excerpts: 
1. INTRODUCTION 
p. 544: "The actual sexual recidivism rate 
is the composite of the total detected and 
unreported illegal sex acts committed by 
individuals who have reoffended after being 
detected previously for committing sexual 
offenses. The magnitude of the difference 
between observed and actual sexual recidi- 

vfm fates has yet to be reliably estab-
lished. For this reason, typically only ob-
served sexual recidivism rates are consid-
ered by personnel in the criminal justice and 
civil confinement systems who address 
legal matters related to risk for sexual re-
offense and by policy makers who enact 
measures that protect the community from 
individuals convicted of sexual offenses 
(lCSOs). 

lCSOs are subject to various legal pre-
scriptions that seriously infringe upon their 
liberty interests to protect the larger commu-
nity, including registration, residence re-
strictions, imprisonment, intensive commu-
nity supervision, community notification, and 
involuntary civil confinement if deemed to 
be sexually violent predators or persons. 
(SVPs). Such laws seek to reduce the risk 
for sexual recidivism posed by lCSOs 
(Bonnar-Kidd, 2010),. Nonetheless, contro-
versy abounds as to whether the relatively 
low rates of observed sexual recidivism 
among lCSOs justify laws that impose 
blanket exclusionary methods of social 
control for them (Montaldi, 2015; Sandier, 
Freeman, & Socia, 2008; Vess, Day, Pow-
ell, & Graffam, 2014; Zgoba, Veysey, & 
Dalessandro, 2010). In response to these 
challenges, it is argued that observed sexu-
al recidivism rates only capture a fraction of 
any illegal sexual behavior, both reported 
and unreported, that such laws seek to 
prevent (Scurich & John, 2019). A differ-
ence between the actual sexual recidivism 
rate and the observed phenomena has long 
been recognized, as evidenced by three 
lines of research that have sought to bridge 
this gap, including offender self-report rates 
of lifetime sexual reoffending, and statistical 
rnodelinq. 

Self-report research employs surveys 
administered to individuals who have been 
officially detected for committing sexual 
offenses ('previously detected persons or 
PDPs") that led to their referral for treatment 
or evaluation. Abel et al. (1987) obtained 
self-reported frequencies of paraphilic sexu-
al acts from 561 PDP. Some of the para-
philic acts were considered sexual crimes. 
The self-reported information was kept 
confidential under a federal waiver from 
mandated reporting of child abuse. Abel et 
al. (1987) four that the ratio of mean num- 
ber of arrests for sexual crimes to the mean 
number of self-reported sexual offenses 
was 1:30 for violent sexual crimes and 
1:150 for noncontact sexual offenses. The 
mean frequencies of self-reported paraphilic 
acts for each category were right-skewed 
for two reasons. One, each paraphilic 
category contained a small number of outli-
ers who reported enormous frequencies of 
sexual acts. Two, homosexuality was con- 
sidered as a paraphilia at the time of the 
study per the American Psychiatric Associa- 
tions (1980) Diagnostic and Statistical 
Manual - Third Edition, as well as a crime in 
many jurisdictions, and this category pro- 
duced the highest mean number of sexual 
acts. In this situation, the median for the 
group provides a more accurate description 
regarding average rates for committing 
sexual acts. For instance, among individu-
als who sexually abused male prepubes- 



cent children unrelated to them, the mean 
number of sexual acts was 281.7, while the 
median was 10.1. 
pp. 544-5: In another offender self-report 
study, Langevin and Curnoe (2012) exam-
ined the reoffending patterns among 2190 
PDPs from Canada who were treated or 
evaluated in an outpatient clinic between 
1996 and 2009. The mean percentage of 
undetected sexual crimes reported by the 
PDPs, within each decade between 1960 
and 2000, was 27.7% (range = 7.8%-
78.3%). There was a substantial downward 
trend in the rate of self-reported sexual 
crimes over time, which dramatically re-
duced the actual recidivism rate. The rate 
of self-reported sexual crimes charges in 
the 1960s increased the observed sexual 
recidivism rate by 26.3%, whereas the 
effect diminished to 1.5% in the 2000s. 
Langevin and Curnoe (2012) suspect that 
the decline in self-reported sexual crimes 
over time happened because of the advent 
of child abuse reporting laws that inhibited 
self-disclosure by offenders. Other studies 
that employ polygraph testing about individ-
uals' sexual histories reveal that PDPs 
report numbers of undetected victims dou-
ble their known numbers of victims 
(Ahlmeyer, Heil, McKee & English, 2000) or 
more than 10 times the detected number of 
victims (Bourke et al., 2015)) 
p. 545: Self-report studies document the 
extent of unreported sexual offenses lead-
ing up to the point where PDPs are detect-
ed for the commission of sexual crimes and 
referred for evaluation or treatment. The 
self-report data do not distinguish PDPs 
who commit undetected sexual reoffenses 
from individuals who repeatedly engage in 
undetected sexual crimes before being 
apprehended for the first time. Including 
persons from the latter groups would act to 
spuriously inflate the effect of undetected 
sexual recidivism for PDPs. Therefore, this 
line of research is not informative in quanti-
fying the extent of undetected sexual recidi-
vism perpetrated by PDPs. 

A second line of empirical inquiry, known 
as the constant multiplier, purports to pro-
duce lifetime sexual recidivism rates 
(Doren, 2010; Elwood, 2018). This is ac-
complished by dividing long-tern observed 
base rates of sexual recidivism (e.g., 20-
year values) by short-term base rates (e.g., 
5-year values). The theory of this method 
assumes that PDPs reoffend sexually over 
their lifetimes at constant rates and the 
constant multiplier can be applied to any 
short term observed sexual recidivism base 
rate to compute a lifetime sexual recidivism 
base rate. Since this procedure only ad-
dresses observed sexual reoffense rates it 
is not informative in computing actual sexu-
al recidivism rates. The constant multiplier 
has also been criticized as inaccurate and 
lacking sufficient research to establish its 
reliability Wollert & Cramer, 2012). Moreo-
ver, data from a large sample of PDPs did 
not support a constant rate of sexual 
reoffending over time (Hanson, Harris, 
Helmus, & Thornton, 2014). These out-
comes likely explain why the constant multi-
plier approach has not gained much traction 
in assessing sexual recidivism risk among 

PDPs.  

An alternate, related procedure for compu-
ting lifetime rates of sexual recidivism has 
been recently suggested (Thornton, Han-
son, Kelley, & Mndt, 2019). This work 
builds upon a study about the sexual re-
offense experiences of 7740 PDPs that was 
modeled over 25 years (Hanson, Lunetta, 
Phenix, Neeley, & Epperson, 2014). The 
study reveals that the risk for detected 
sexual reoffenses decreases by about one-
half for every five years that offenders re-
main free in the community without commit-
ting a sexual crime. Thornton et al (2019) 
have devised a Microsoft Excel calculator 
for clinical and forensic applications that 
uses survival analysis parameters to com-
pute lifetime risk (i.e., 20 years) based on 
the amount of time free in the community 
without a subsequent sexual crime less any 
time spent in custody for nonsexual crimes 
or community supervision violations. Since 
this procedure relies on the detected sexual 
reoffense rate, it. fails to account for the 
effect of undetected sexual reoffending 
committed by PDPs that is necessary to 
estimate actual sexual recidivism rates. 

The final line of empirical study involves 
the use of statistical models to compute 
actual, recidivism rates. Thornton (2018) 
chronicles the efforts of himself and two 
colleagues (Hanson and Price) to develop 
and implement a statistical formula, first 
released in 2003, to compute real sexual 
recidivism rate (RRR formula'), which is 
analogous to the term actual sexual recidi-
vism rate as presented herein. The RRR 
formula adjusts the Observed sexual recidi-
vism rate by the number of victims per 
recidivist and by the rate atwhich sexual 
crimes go undetected,. Thornton (2018) 
described two serious limitations of the 
RRR formula. One, the key parameters, 
including the nurnberof  victims per recidi-
vist and rate of undetected sexual re-
offense, lacks precision. As a result, even 
small differences in the parameters cause 
significant variation in the predicted actual 
sexual recidivism rates. Second, Thornton 
hypothesizes that the number of victims per 
recidivist and the rate of sexual offending 
among individuals whose sexual offenses 
go undetected may not be reliable when 
applied to PDPs for three reasons: they are 
subject to increased societal vigilance that 
results in them having less opportunity to 
reoffend sexually, they are easily suspected 
of reoffending, and allegations against them 
are more easily believed. Because of these 
seemingly insurmountable hurdles, 
Thornton (2018) abandoned RRR formula in 
favor of the lifetime sexual recidivism rate 
(Thornton et al, 2019). 
pp. 545-6: Nearly 16 years later, Scurich 
and John (2019) devised and employed a 
probabilistic simulation model that is con-
ceptually similar to the RRR formula to 
predict actual sexual recidivism rates 
among ICSO. Scurich and John (2019) 
process the model parameters, of which two 
are similar to the RRR formula, including 
the frequency of sexual offenses per offend-
er per year and the probability of a sexual  
offense being reported to the police. The 
similarities between the two models end 

there, as Scurich and John (2019) utilize 
more sophisticated analytic methods to 
produce their actual sexual recidivism rates. 
arid they also use these data to calibrate 
observed sexual recidivism rates from four 
comparison studies. It is the difference 
between the actual and observed (detected) 
sexual recidivism rates that Scurich and 
John (2019) coin 'the dark figure of sexual 
recidivism,' a term commonly used in crimi-
nal justice recidivism research (Maxfield, 
Weller, & Widom, 2000), but one that could 
be viewed as pejorative. 
p. 546: As with any simulation model, the 
accuracy of the predicted outcome depends 
upon the precision of the assumptions fed 
into the model (Henley, Golden, & Kashner, 
2020). In other words, the values of the 
model parameters should represent, as 
accurately as possible, actual field condi-
tions as observed among lCSOs who com-
mit detected and undetected sexual 
reoffenses. While Scurich and John (2019) 
claim they considered reasonable values for 
the model inputs based on empirical studies 
(p. 172), closer inspection of the precision 
of the parameter values is warranted based 
on the cautions that Thornton (2018) raised. 
2. PROBABILISTIC SIMULATION MOD-
EL BY SCURICH AND JOHN 

Scurich and John (2019, Section 6) pre-
sent a comprehensive description of the 
probabilistic simulation model to which the 
interested reader is referred. A brief over-
view of the simulation model will be pre-
sented below followed by detailed examina-
tion of three model assumptions and the 
calibration process. 

Scurich and John employ the Monte Carlo 
method to process certain values for each 
of three assumptions: (i) propensity for 
committing sexual offenses (i.e., frequency 
of sexual offenses per offender over a  
specific time period); (ii) probability of sexu-
al offenses being reported to authorities  
Wa; and (iii) the rate at which reported  
sexual offenses result in criminal convic-
tions or what they term as successful prose-
cutions (Pa).  The Monte Carto method is a 
computational algorithm that builds models 
of possible results by substituting a range of 
values that are inherently uncertain such as 
the three previously specified assumptions. 
It then calculates the result over and over, 
each time using a different set of random 
values from the assumptions that produces 
distributions of possible outcome values. 

Scurich and John (2019) use a three-way 
factorial model with 81 possible combina-
tions of values (i.e., input distributions) 
where each combination comprises a single 
simulation. All input distributions were as-
sumed to be uncorrelated. Each simulation 
contained a hypothetical population size of 
100 lCSOs and it was run for 1000 inde-
pendent trials. Based on the average num-
ber of offenses committed over the period, 
the number of sexual recidivists in each trial 
was obtained by computing the ratio of 
hypothetical lCSOs who committed one or 
more sexual offenses during the time period 
divided by the total number of hypothetical 
lCSOs (NdN). This value represents the 
predicted actual sexual recidivism rate. In 
performing the calibration process, Scurich 

and John (2019) matched an exponential 
population mean with a corresponding base 
rate from each of the four comparison stud-
ies. The results were then adjusted by the 
probabilities for unreported sexual crimes 
(i.e., 1 - P,) and unsuccessful prosecutions 
(i.e., 1 - Pa). 
.2.1 Frequency of sexual offending per 
offender 
p. 547.  ... The simulation model tests nine 
different exponential distributions of hypo-
thetical ICSO populations for which the 
mean sexual reoffense rates range between 
1116 and 16 per year. It is further assumed 
that characteristics of the population such 
as age and types of sexual offense commit-
ted (among other factors) are putatively 
'diverse over different time periods of 
reoffending (Scurich and John 2019). 
Scurich and John (2019).9 not cite authori-
ties supporting the validity range of fixed 
mean values of sexual reoffending over 
time nor do the theoretical populations 
account for factors that may increase or 
decrease the occurrence of sexual reoffend-
ing over time. The resulting computations 
(Scurich and John 2019, fig. 6) yield a linear 
increase in their actual sexual recidivism 
rates per 100 offenders over the nine of-
fense frequencies, similar to the S-shaped 
logistic function, with values ranging be-
tween about 6% (at 1/16 offense per offend-
er per year) and about 94% (at 16 offenses 
per offender per year). Scurich and John 
(2019) conclude that the assumptions of A 
that produce the wide range of actual sexu-
al recidivism rates may be violated after 
several years or decades (at p.  171)....(R}' 
esearch using group-based modeling with 
PDPs reveals results that mostly contradict 
the constant per year mean rates used by 
Scurich and John (2019).., 

p. 548' ...[l]t is more typical for PDPs as a 
group to exhibit mean per year sexual 
reoffense rates that are between 57% and 
84% less than the lowest limit of 0.0625 (i.e, 
1116 per year) postulated by Scurich and  1. 
John (2019) This will produce predicted 
accrual sexual recidivism rates that fall 
below the lowest actual sexual recidivism 
rate of 6% over five years that Scurich and 
John (2019) considered. This finding fur-
ther suggests that the simulation model 
output of Scurich and John (2019) tends to 
overestimate the actual sexual recidivism 
rates for ICSOs. 

Two other conditions call into question 
reliability of the per year mean rates of 
sexual reoffending, which in turn casts 
doubt on the validity of the resulting predict-
ed actual sexual recidivism rate. The as-
sumption about the constant rate of sexual 
reoffending over time fails to consider the 
effect of individuals who-desist from com-
mitting sexual crimes over time. 
2.2 Rate of reported sexual offenses 

A second input into the probabilistic model 
is the assumption that the occurrence of a 
sexual offense is reported to police (Pr) at 
some constant probability across individual 
offenders in the population and across 
multiple offenses for the same offender 
(Scurich & John, 2019, Section 6.2.3).... 

These studies did not investigate the 
(Continued on page 9) 
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comprised of individuals who are detected 
by police for committing sexual offenses for 
the first time and those who have been 
previously reported, arested, charged, or 
convicted for sexual crimes. It is reasona-
ble to infer that when police investigate 
reports of sexual crimes they are more 
likely to arrest suspects who are identified 
as ICSOs than individuals who have not 
been previously detected for sexual crimes. 
Prosecutors would be more apt to file 
charges against ICSOs and to obtain con-
victions from ICSOs by plea or verdict. 
Moreover, it would be expected that the 
ICSO group would comprise the smallest 
proportion of individuals reported for sexual 
crimes (Miethe et al. 2006; Sandier et al., 
2008). Therefore, the values of P must be 
adjusted by the probability with which all 
reported sex crimes are committed by 
ICSOs and the probability that members of 
the group convicted for sexual offenses are 
comprised of ICSOs. Without considering 
these conditional probabilities, the value of 
P is inaccurate inunmeasurable ways. 

Finally, the calculation of P0  fails to ac-
count for the effect of wrongful successful  
prosecutions. ...Walsh, I-lussemann, Flynn, 
Yahner, and Golian (2012) used the results 
of DNA testing that were exculpatory and 
supportive of exoneration to estimate an 
11.6% wronqful conviction rate for individu-' 
als convicted of sexual offenses in Virqinia.  
The researchers conducted a secondary 
analysis and concluded that the 11.6% rate  
Of wrongful convictions for sexual offenses  
appeared representative across 43 other 
states that were studied. The results from 
Walsh at al. (2012) are consistent with 
anecdotal findings about exonerations of 
ICSOs wrongfully convicted across the 
United States. According to the National 
Registry of Exonerations (2014) nearly one' 
third of all exonerations (31%) between  

1989 and 2013 involved rape or child sexu-
al assault. A limitation of the data about 
exonerations is that they do not reflect the 
ratio of wrongful convictions to the total 
convictions of ICSOs, which would be 
necessary to evaluate the precision of P0.... 
2.4 Calibration with rates of observed 
sexual recidivism 

It is the nonreport rate (i.e., 1 - Pr) and 
unsuccessful prosecution rate (1 - N0) that 
make-up the difference between the ob-
served and actual sexual recidivism rates. 
As discussed below, however, it appears 
that none of the four comparison studies 
meet the assumptions of Scurich and John 
(2019) for the calibration analysis. [Editor's 
Note: Use of the unsuccessful prosecution 
rate falsely assumes that all acquittees and 
all those whose charges were dismissed 
were nonetheless guilty!] 
3. DISCUSSION AND CONCLUSIONS 

...As with any simulation model, ...the 
validity of the outcomes, in this case their 
actual sexual recidivism rates, is wholly 
dependent upon the reliability of the inputs. 
..Consistent with the observations of 

Thornton (2018), however, this investigation 
discovered meaningful imprecision in many 
of the mode) assumptions by Scurich and 
John (2019) that raises substantial con-
cerns about the validity of the actual sexual 

recidivism rates as applied to ICSOs and 
when used in the calibration process. 

The assumption about the nine rates of 
sexual offending per year that make up the 
individuakzed Poisson distributions pre-
sumes a constant rate of sexual offending 
over time that is not fully supported by the 
available data examining the trajectory of 
sexual offending over time. 

Most of the findings from the group 
modeling studies , especiaUy the investiga-
tion of more than 7500 PDPs over 25 years 
by Hanson et al. (2014a), shows that real 
PDPs engage in per year mean rates of 
sexual offending consistent with actual 
sexual recidivism rates at 6% or less. This 
revelation is vital because the predicted  
actual sexual recidivism rates would be 
virtually no different from the observed 
(detected) sexual recidivism base rates 
(over 4 to 5 years) reported by contempo-
rary sexual recidivism studies (DeClue & 
Rice, 2016; Duwe & Rocque, 2018; Helmus, 
Hanson, Thornton, Babchishin,& Harris, 
2012; Hanson et al., 2014a; Kuzyk, .2012). 
(Ed. Note: (That is, no unreported sex 
crimes for recidivists!)] 

The assumption about the constant rate of 
sexual; reoffending does not consider that 
most individuals desist from committing 
sexual offenses longitudinally (Francis et 
al,' 2014; Hanson et al. 2018; Lussier & 
Davies, 2011; Miethe et al., 12006). The 
deceleration in rates of sexual reoffending 
over time mirrors literature about desistance 
of general criminal behavior associated with 
age-related positive personal and social 
changes over the life course (Sampson & 
Layb, 2003). Research has discovered that 
individuals desist from committinq sexual 

:reoffenses because of aqe-related declines 
in sexual drive, lack of victim accessibility, 
benefits from. treatment for sexual offendinq, 
fear of returninq to custody, reliance to 
prowess beyond their offendinq past, and 
time free on the community without commit-
tinq nonsexual crimes (Barbaree & 
Blanchard, 2008; Hanson, 2005; Francis et 
a!, 2014;' Hulley, 2016; Harris, 2016; 
Thornton et al., 2019). Moreover, various 
nonsexual and sexual criminal history varia-
bles appear to influence the rate of sexual 
reoffending over time (Francis et al., 2014; 
Hanson & Bussiere, 1998). Because the 
individualized Poison distributions cannot 
account for the effect of the above men-
tioned linear or nonlinear changes on the 
persistency of sex reoffending or its cessa-
tion over time, this casts further doubts on 
the validity of predicted actual sexual recidi-
vism rates. 

Thornton's (2018) observation [is] that 
sexual reoffenses committed by PDPs are 
more likely lobe reported because of great-
er societal vigilance, and the probability for 
detection increases as the rate of reoffens-
es rises over time (Hanson, Morton, & 
Harris, 2003). Such variations are not 
considered by Pr, nor is it understood how 
these factors might influence the overall 
value of Pr. Finally, Pr assumes that all 
reports made by victims are true, yet this is 
unlikely correct. Review of the limited litera-
ture on this topic, as presented earlier, 
indicates that police officers investigating 

report rates of children under the age of 12 
years, which raises questions regarding the 
precision of low Pr and moderate Pr as they 
relate to young er.shildren. 
p. 549: Since the premise of Scurich and 
John (2019) is to address predicted actual 
sexual recidivism rates of ICSOs, it is rea-
sonable to expect that the calculation of P 
should at least consider the sexual recidi-
vism status among the class of PDPs, if not, 
arguably, ICSOs only. As will be seen 
shortly, this is a moot point, since data for 
neither group are obtained in victim survey 
studies. The survey data that Scurich and 
John (2019) rely upon to compute Pr and its 
inverse (1 - Pr) presumes that all reported 
and unreported sexual crimes derived from 
sexual abuse victim surveys were perpetrat-
ed by ICSOs and that these sexual crimes 
were recidivistic in nature, where neither 
assumption is true. 
p. 551: The model assumption about P, 
further presumes that all reported sexual 
offenses are true. Research examining 
rates of false reports of sexual offenses by 
Campbell, Bybeek. Ford, and Patterson 
(2008), Spohn and Tellis (2012), Kanin, 
(1994), and Morabito, Williams, and Pat-
tavina (2019) contradict this notion. Each 
study found that investiqatinq police officers 
determined that some sexual assault re-
ports were baseless or false, with the pro-
portions ranqinq between 0.011 and 0.41 of 
all reported sexual crimes. Removing false 
reports of sexual crimes would increase R 
and contribute to a decrease in the predict-
ed actual sexual recidivism rate. 
2.3 Rate of successful prosecutions 

Scurich and John (2019, section 6.2.4.) 
describe the next uncertainty as the rate by 
which a hypothetical ICSO is eventually 
convicted of a sexual crime (P0). P0 at-
tempts to control for the funnel effect as 
reported sexual assault cases progress 
through the criminal justice system, where a 
progressively decreasing number of sus-
pects reach various stages of the criminal 
justice process (e'.g., identification as the 
suspect, arrest, police officer presenting 
case to prosecutor, charging document 
being issued, and criminal trial or negotiated 
pleas resulting in conviction). The value of 
1 - P0  is used in the calibration of the ob-
served sexual recidivism rates from the four 
comparison studies. Scurich and John 
(2019) state that they considered a broad 
range of conviction rates, including 0.25, 
0.50, and 0.75, because data about P is 
lacking in the literature. Despite this asser-
tion, several studies (Campbell et al., 2008; 
Daly & Bouhours, 2010; Morabito et al., 
2019; Spohn & Tellis, 2012) reveal that 
between 6.5% and 14% of individuals 
arrested for sexual crimes are later convict-
ed for sexual offenses. This range of val-
ues is less than even the lowest limit of 25% 
considered in the simulation model. Taken 
at face value, this suggests that the rates of 
Pc posited by Scurich and John (2019) 
would contributeto underestimating their 
actual sexual recidivism rates. 

However, the value of P0  presumes that all 
reports of and convictions for sexual crimes 
involve only ICSOs - an erroneous pre-
sumption. The reports of sexual crime are 

reported sexual crimes find that between 
1% and 41% of reports are considered 
false. The simulation model assumptions 
do not consider how this countervailing 
force would increase Pr, and, in turn, con-
tribute to the decrease in the predicted 
actual sexual recidivism rate.... 

In conclusion, Scurich and John (2019) 
provide what appears to be a promising 
framework and methodology to ascertain 
valid estimations of actual sexual recidivism 
rates. However, closer examination of 
studies relating to the parameters fed into 
the simulation model reveals complex, multi 
-faceted variations in results that confound 
the accurate computation of actual sexual 
recidivism rates. With the exception of the 
victim surveys about the report rates of 
sexual crimes to the police, the other two 
assumptions (i.e., constant rate of sex 
offending over time and successful prose-
cution) were based on hypothetical parame-
ters. It is evident from the analysis herein 

-that the precision of the .three parameters is 
substantially uncertain and that this affects 
the accuracy of the predicted actual sexual 
recidivism rate in unknown ways. The 
results of this analysis speak to the need for 
simulation modeling that provides algo-
rithms that account for linear and nonlinear 
effects of the inputs (e.g., path analysis or 
machine learning), which in turn may lead 
to more precise estimation of predicted 
actual sexual recidivism rates. In the 
meantime, while courts and policy makers 
should not assume that the detected sexual 
recidivism rates reflect actual sexual recidi-
vism rates, they should also recognize that 
precise estimation of the extent to which 
actual sexual recidivism rates exceed de-
tected sexual reoffense rates still remains 
elusive. 
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